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The idea.
What if AI were in charge of public policy and politics? Perhaps it would shift food subsidies,
electrify transport, build cheap power, sign the plastics treaty, restore the aid, and feed everyone
for a rounding error on the weapons budget. The experiment would not show how smart
machines are. It would show that our paralysis is not intellectual. We lack a decision-maker
whose incentives point at the future instead of the next election.
Take fossil fuels. In 2024 the International Monetary Fund counted $725 billion in direct
underpricing (selling fuel for less than it costs to supply), or 0.6% of world income. On top
of that sit $6.7 trillion in damages that fuel users do not pay for, mostly from dirty air and a
warming climate, or 5.8%. Together that is $7.4 trillion: 6.4% of what the world earns in a
year [8]. Most of the bigger number is not cash sitting in a government budget. It is the gap
between what drivers and power plants pay and what society bears. A small group gains a lot
from that gap. The people who lose are spread out, and many of them are not born yet, so
they do not organise.
Political science says the same thing in colder language. Gilens and Page tested four theories of
how American policy gets made against 1,779 past decisions. Rich people and business groups
had real influence. Ordinary voters had little, once those groups were counted [16]. A lot of
bad policy is not a thinking failure. It is a fight that one side keeps winning.
That is why the interesting case for AI in government is not the smartness argument (machines
would simply choose better). It is the honesty argument: machines have no election to win,
no donors to please, no later job in the industry they watch, and no shares in the firms they
oversee. The claim is not that machines are wiser than people. It is that their incentives can
point further ahead than the next campaign.
What follows from that claim is modest. It is not a robot president. It is closer to a machine
civil service with four jobs, none of them the power to force anyone to do anything.
First, add up the costs. A public model would price every policy choice in the same units (lives,
years of life, pollution, money) and show who gains and who pays. The output is a bill, not a
speech.
Second, show the gap. For every law that passes, the same model would publish the law the
government’s stated goals would have produced, then publish the difference. That difference is
a rough price tag on the deal that was really made. The machine overrules nobody. It makes
the cost plain while the bill is still being written.
Third, keep long-term promises. Prices and standards would follow published schedules that
run for decades. They would change when agreed conditions are met, not when an election
is close. Many countries already do a version of this with their central banks. The idea is to
extend it to problems that pay off late.
Fourth, check facts between countries. Watching a ceasefire, counting who kept a treaty, or
measuring how much a country pollutes is easier when the checker has no tax base and no side
to win. The role is referee, not ruler.
People keep the vote. Machines handle counting and forecasting. Choices about war, rights,
and real clashes over values stay with people.
Parts of this idea already exist in research. In one study, players preferred a money-sharing rule
written by a machine to rules written by people [29]. In model economies, an AI tax planner
found the best known setups in simple cases and beat standard human designs in harder ones
[42, 46]. In group discussions, 5,734 people rated AI-written summaries of what the group
agreed on as clearer, more informative, and less biased than summaries written by human hosts
[4, 6, 28, 44]. Other teams train models on rules written by the public rather than by staff
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alone [19, 34], or run whole simulated countries under different AI rule sets [39]. None of this
proves the honesty argument. It shows the idea is no longer just a daydream.

What is wrong with it.
The research so far asks a different question. There is already a large body of work on rule by
algorithm (sometimes called algocracy). Danaher brought the term into this debate; Aneesh
used it earlier [13]. The main worry in that work is not that machines choose badly. It is that
people can no longer follow the reasoning behind choices that shape their lives, and can no
longer argue back. That worry shows up as a gap in public consent [27], as a study of who
really holds power [25], as a list of separate threats to legitimacy [18], as a model of a new kind
of government office [31], and as a question about who controls the systems people must pass
through [30]. Even writers who grant that machines can help with slow, tangled problems still
list the political damage [10, 35, 36]. Others say some choices should not be left to machines at
any level of accuracy [9], or that machines could govern and still should not [2]. Wider reviews
sit nearby [5, 12, 15, 21, 41, 43, 47].
Two points stand out. This work often lands in the same place as the design above: let machines
advise, and keep people in charge. But it gets there by a different road. Its worries are about
understanding and consent. Almost none of it tests the honesty argument on its own terms.
That argument still sits inside other people’s papers as a guess nobody checks.
Being unbribable is not the same as being safe. The honesty argument rests on one clean claim:
nobody can pay a machine. That claim mixes up two things. Bribery needs someone to take
the money. Capture only needs a way in. A working AI system has at least five ways in.
The goal. Someone has to write down what the system is trying to achieve: what counts as
success, how far ahead to look, and whose interests get weight. After that, the system does
exactly what it was told. Nothing has gone wrong with the machine. It is doing its job for
whoever set the job.
The data. What the system treats as fact depends on what it was fed. That material is rarely
neutral. Studies paid for by industry on food, tobacco, and chemical safety are the obvious case.
The tests. Systems get kept or dropped based on how they score. Whoever picks the score picks
the winner.
The operators. People decide when to switch it on, when to override it, how often to retrain it,
and when to shut it down. Those choices go on all the time, and mostly out of public view. A
vote in parliament is much easier to watch.
The contract. Buying the system hands a lot of sway to a few firms with money riding on the
answer.
The evidence we have does not back the hopeful view. A review of whether technology cuts
corruption found mixed results that depend on the setting, and cases where the same tools
helped people steal faster [1]. A clearer way to think about it is handover. Giving a task to
an AI is like a voter handing work to a politician, or a boss handing work to a staff member.
Three questions matter: Can you check the work? How much do you depend on it? Can you
push back [11, 17, 20, 45]?
So an AI government would not end the buying of policy. It would move it. Today the fight
happens in public. It gets argued over, and it can be reopened at the next election. After the
move it happens among technical staff. Fewer people watch, and the result sticks for longer.
That flips the honesty argument on its head. It also gives Danaher’s old complaint a sharper
edge. When nobody can follow the reasoning, buying the reasoning gets cheap.
What people will accept, and why a human check is not enough. Surveys keep finding a line
the honesty argument skips. People are more willing to let AI help officials than to let AI
replace them. In surveys of 990 people in the UK and 2,117 in Japan, support was higher for AI
that helps lawmakers than for AI that decides in their place. British resistance to the second
was especially strong [33]. German respondents were doubtful overall, and people who valued
democracy most wanted AI least for the big political calls [26]. In Spanish samples, people who
felt their society was broken were more open to government by AI [14]. Demand for machine
rule can track how fed up people are, not only how carefully they have thought it through.
Popularity is not proof [see also 32, 37, 40].
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Two more findings weaken the soft version of the design. Calling a system “ethical” does not
reliably make people trust it [24]. What people accept turns more on which part of government
is using the tool than on the tool itself [22, 38]. And a human in the loop is a thinner safety net
than it sounds. In government experiments, decision-makers were more likely to follow advice
(from a machine or from an expert) when it matched views they already held. The human check
often stamped what people already believed [3].
The score card. The honesty argument gets several things right. It names a real problem that
the rest of the research mostly ignores [8, 16]. It points to a system somebody could actually
build, rather than a robot king. Parts of it have been shown to work in careful settings [29, 44].
And its best idea, publishing who gains and who pays, can be tested in the real world.
Each strength has a matching hole. Honesty is not something a machine simply has. It depends
on the setup around the machine. The record on technology and corruption is mixed and
includes misuse [1]. The encouraging trials ran in games and calm discussions, not in a real
fight with an organised side that has money at stake. The public draws the line well short of
handing over control [26, 33]. And human checking has faults of its own [3].
Three things worth testing. First, does publishing who gains and who pays change what gov-
ernments do? Gap reporting can be tried in one policy area and measured. There is related
work on lobbying reform to compare it against [7]. Second, does the honesty pitch win people
over when the smartness pitch does not? Stronger democratic values predict less support for
political AI [26], while frustration predicts more [14]. A simple survey that offers both reasons
side by side would be cheap to run. Nobody has run it. Third, can you tell whether a system
has been captured? Score real government systems on the five ways in described above, and
treat the result as a public check, not a private complaint.
One warning covers all three. Policy problems come in kinds [23]. Some need a forecast. Some
need to know what causes what. The honesty argument is about a third kind: cases where the
answer is mostly known and getting it done is the hard part. Nobody has a strong method for
that yet.

Conclusion.
The honesty argument deserves a serious look. It does not survive one. The diagnosis is right.
Much bad policy is a fight, not a puzzle, and research on AI in government has said too little
about that fight. The cure is wrong. A machine has no bank account. It has a goal somebody
wrote, data somebody chose, tests somebody set, operators somebody appointed, and a contract
somebody signed. Money will find the cheapest of those doors.
What remains is smaller and more useful. Build the tools that price every policy. Publish the
gap between what a government said it wanted and what it did. That is not rule by machine.
It is a transparency tool somebody could build next year, and then check whether it changed
anything.
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